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AI narratives



AI Narratives about jobs: 
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AI Narratives about artificial general intelligence (AGI): 

AI narratives |  Macroeconomic theory |  The task framework |  AI exposure measures |  Ex-post evidence on AI & jobs |  AI policies & governance

…by 2030.. … in our lifetime…perhaps
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What do we know about AI 
exposure and jobs?



NB Manually place “ilo.org” device in front of image

How to measure the impact of AI on jobs and productivity?

Advancing social justice, promoting decent work

10

Previous waves of 
automation

Ex-ante AI exposure 
measures

Ex-post job 
measures

Company surveys



Previous waves of automation suggest strong impact on jobs in emerging 
economies: Job losses from robotization
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What are AI exposure measures?
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Task-based exposure measures (“cookbook”): 

1. Identify task-level information from databases about occupations (e.g., O*NET, ISCO, STEP, PIAAC).

2. Assess whether specific tasks (e.g., writing reports, data analysis) could potentially be automated by 

AI/GenAI/computers now or in the future. 

3. Aggregate task-level exposure to the occupation level, providing insights into how AI might impact jobs or 

occupational clusters

4. Link the exposure measures to current employment estimates

e.g. Autor, Levy & Murname (2003) on computerization,  Autor (2013), Frey and Osborne (2013), Brynjolfsson et al. 

(2018), Felten et al. (2021)



Overview of (ex-ante) AI exposure measures: Shifting consensus among experts
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GenAI transforming jobs more than destroying them, especially in the 
Global South
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Speed of transformation will determine polarisation
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VietnamLaos



Are young people particularly affected? Evidence from the US
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Which workers are most exposed?*
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*based on convergence of the most prominent AI measures

• Workers in non-routine occupations are exposed!

• Advanced economies more than developing economies

• Urban areas more than rural areas

• Younger workers more than older workers

• Women more than men

• Higher-educated more than lower-educated workers

• High-skilled more than low-skilled workers

• Certain professions — e.g. administrative roles, paralegals, customer

service representatives, translators — are especially exposed



The AI aggregation paradox

Evidence from company
surveys



Individual task execution is experiencing unprecedented acceleration
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Clear micro-evidence: Task execution can be improved by 

10-70% for well-defined and text-intensive tasks



8

Substantial productivity gains, were measured in Chinese companies

Firm / sector Metric Reported impact

Digital manufacturer
Lighthouse factory production efficiency; parameter 

changeover time
+30% (client factories ~20%); 120 → 60 minutes

Insurance company Daily customer queries handled by 300 staff 6,000 → 15,000 (+150%)

Giant insurance group Recruitment cycle time 30 → 13 days (−57%)

Talent management firm Projects per manager; core efficiency metrics 2–3 → 5–6 projects; +30–100%

HR services firm R&D man-hours; per-capita customer-service output −30% (Q1); +28% (Q3)

Ed-tech company Service pricing; AI study-room operating costs Halved; 80% below traditional tutoring

All figures self-reported by firm representatives; a travel firm also estimates AI data-handling equivalent to 5–6 full-time employees

Advancing social justice, promoting decent work



Productivity leaks through critical channels when aggregating
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General purpose technologies follow a predictable path

First deployment Time to macro impact Key bottleneck

Electrification 1882
~ 40 years

(1920s)

Physical redesign of 

factor floors and grid 

buildout

ICT/Internet 1970s
~ 15-25 years

(1990s)

Hardware costs, digital 

literacy, and business 

process re-organisation

Artificial Intelligence
(first wave) 2012

(GenAI) 2022
Not yet observed

Complementary skills, 

organisational redesign, 

and compute/data costs

Advancing social justice, promoting decent work
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Three bottlenecks prevent macroeconomic realization today
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Tool-led gains cannot move the company P&L: The arithmetic caps them 
long before execution quality becomes the binding constraint
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30%
Measured gain

on the task

Mid-range of the

experimental evidence

›

× 20%
Share of tasks

actually amenable

The rest of the job is

unaffected by the tool

›

− 10%
Verification and

rework tax

Checking and integrating

AI output is not free

›

× 30%
Share of the workforce

actively using it

Generous vs. observed

enterprise adoption

=

1.0%
one-time

level effect on

company

throughput

At today’s typical enterprise adoption of ~6%, the same 

arithmetic yields 0.2%

A rounding error against a 12% EBIT margin — and it does not compound. 

Doubling the licence budget doubles a number that is already immaterial. This is 

why four out of five adopters truthfully report “no measurable effect” while their 

own pilots truthfully report 30% gains.

Implication for companies

Any AI business case built on multiplying a task-level percentage by headcount 

is arithmetically unsound. The company-wide, durable gain has to come from 

somewhere else: from redesigning how the work itself is organised, and from 

that redesign travelling across the organisation. That is a different channel with 

different economics — and different failure modes.



The measurement gap creates an illusion of impact
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Task automation triggers the efficiency paradox
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Entrenching market concentration and agentic eco-systems create risks 
for SMEs to adopt tools and create value

Advancing social justice, promoting decent work
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Structural divide threaten to permanently widen cross-country 
productivity gaps
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A two-speed economy is emerging – K-shaped economy
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Share of enterprises in each adoption phase, by size group (per cent). Phases run from no ongoing AI projects (Prospect) 

to AI integrated into core processes (Embed).

Formal AI usage policy

45% large firms  14% SMEs

AI training programmes for staff

65% large firms  29% SMEs

Policy and training shape whether firms can deploy AI responsibly, 

manage risks and build the internal capability needed to scale.

Advancing social justice, promoting decent work
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Without massive capital for data infrastructure and governance, 

SMEs face a structural disadvantage in capturing AI value.
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Five recurring implementation challenges among Chinese companies

Challenge Firms citing Illustrative examples

Output quality & reliability 8+ Hallucinations; sub-95% customer-service accuracy; prohibitive correction costs

Workforce skills & resistance 6+ Age divide; missing "AI mindset"; explicit and passive resistance

Regulatory & data security 6+ Financial data firewalls; multinational headquarters restrictions; client privacy

System integration & governance 5+ Legacy systems; scattered data; cross-departmental coordination

Cost & ROI concerns 5+ High current investment with low immediate output; costly tool licensing

The regulatory landscape is multi-layered — national rules, sectoral regulation (especially in finance) and multinational corporate policies all shape the boundaries of 

permissible AI use.

Advancing social justice, promoting decent work



As organisations mature, their binding constraints flip

Advancing social justice, promoting decent work
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Collective bargaining helps accelerating investment and restructuring 

Advancing social justice, promoting decent work
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What do we learn about policy priorities from company surveys?
Strengthen enabling conditions, not specific tools

i. Strengthen data foundations

•Support shared or sector-level data infrastructures, particularly for SMEs

•Promote interoperable data standards and practical data-governance 

guidance

•Reduce the cost and complexity of building foundational data capabilities

ii. Build skills and organizational capability

•Practical, use-case-oriented AI skills rather than abstract certifications

•Capacity to evaluate vendors, design pilots and assess business cases

•Targeted support for SMEs, where limited internal expertise amplifies risk

iii. Improve measurement and accountability

•Simple, standardized measurement templates tied to named workflows

•Guidance on baselines and tracking outcomes over time

•Approaches that distinguish verified results from perceived benefits

iv. Reduce regulatory and ecosystem frictions

•Clarity on data residency, cloud use and compliance responsibilities

•Time-bound testing environments and trusted mechanisms to assess 

suppliers

•Lower transaction costs – particularly for smaller firms – without 

weakening safeguards

Advancing social justice, promoting decent work
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The challenge for the Global 
South



Moving up the AI supply chain: 
Value added created mostly in the Global North…

• Collection

• Labelling
Data

• Development

• Testing & 
implementation

Models

• Content 
moderation (for
social media)

• Delivery
services

• BPO

Applications

Advancing social justice, promoting decent work
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Mostly done in the Global South Mostly done in the Global North Done in both the Global South 

and the Global North

Low value added High value added Low value added



Challenges of moving up the (AI) value chain:
Integrating the young labour force

Advancing social justice, promoting decent work
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High youth
unemployment/

NEET rates

Incomplete education, 
difficult school-to-work
transition

Shortages of
skilled labour in 
the Global North



Creating an AI eco-system…

Advancing social justice, promoting decent work
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…without compromising on AI regulation and governance

Strong focus on AI 

development:

USA, China, (Canada)

Algeria, Rwanda, UAE

Ex-post governance:

Canada, (Brazil)

Advancing social justice, promoting decent work
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Ex-ante regulation:

China, EU

Hands-off approach:

India, but with a protectionist 

component

Lack of compute, internet

connectivity and human capital most

pressing in the Global South



Governance standards dominated by the Global North…
…leaving countries in the Global South without a voice

Advancing social justice, promoting decent work

39



Leapfrogging through AI



How can AI help countries in the Global South to leapfrog?

• Implementation of labour market policies and regulation

• Improve trageting of marginalised groups (e.g. social security)

Help with policy delivery
and monitoring

• Enhance the capacity of limited infrastructure capacity

• Create new opportunities for trade

Manage complex
networks

• Overcome informational barriers

• Provide foresight tools

Enhance information
provision

• Leverage scarce skills, new business creationShare expertise

Advancing social justice, promoting decent work
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How AI and digitalisation can help countries to leapfrog

Connectivity Certification Expertise Solution for

Agriculture Producers-markets Agri-labels 

(blockchain)

Irrigation systems Increase agricultural

productivity/resilience

(Regional) trade Foster trade (in 

services)

Facilitate market

access

Trade negociations Foster demand for

(regional) production

Health care Patients-doctors Leverage scarce

expertise

Underprovisioning of

health care

Education MOOCs Micro-credentials Trade in (skilled) 

services

Incomplete education/ 

Migration

(Youth) employment Employers-youth Policy delivery Access to 

enterpreneurship

Local LM frictions

Smart cities Smart mobility Circular economy Enhance infrastructure

productivity

Renaturation Carbon trading

systems

Carbon credits Lever for economic

development and 

sustainability
Advancing social justice, promoting decent work
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Empower nature-based projects for local development

Advancing social justice, promoting decent work
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Payments 
for 

ecosystem 
services

Creating 
digital twins

Example: Elephants in Tanzania

Elephant stock = 60‘000 animals (2021)

Carbon sequestration per animal = 50 tons

Carbon value of a living animal = USD 1.7 

million

Total worth of stock in Tanzania = USD 102 

billion

Annuity based on elephant stock ≈ 5 billion p.a.

GDP per capita increase ≈ 

6%



Want to know more?

https://www.ilo.org/research-and-publications

https://www.ilo.org/topics-and-sectors/observatory-ai-and-work-digital-economy  
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Appendix



Technical details



How are these exposure measures constructed?

AI narratives |  Macroeconomic theory |  The task framework |  AI exposure measures |  Ex-post evidence on AI & jobs |  AI policies & governance

Expert insights: This method involves consulting experts to evaluate which tasks or occupations are 

susceptible to automation. Experts assess the tasks’ potential for automation based on AI's capabilities.

e.g., Frey and Osborne (2013); Brynjolfsson et al. (2018) with crowd-based expert judgment; Felten et 

al. (2018, 2021, 2023)

Patent data analysis: Using patent data to assess the impact of AI on labor markets by identifying 

automation-related technologies through textual analysis of patents and comparing them with job tasks.

e.g., Webb (2020); Dechezleprêtre et al. (2020); Gathmann and Grimm (2022); Mann and Püttmann 

(2023).

AI-generated exposure measures: Leveraging generative AI models (e.g., ChatGPT) to assess the 

potential for task automation. These models evaluate tasks from databases like O*NET and ISCO to 

predict automation risk, both currently and in the future.

e.g., Eloundou et al. (2024); Gmyrek et al. (2023); Kogan et al. (2025); Chen et al. (2025)



Strengths and usefulness of AI exposure measures for policy makers:

AI narratives |  Macroeconomic theory |  The task framework |  AI exposure measures |  Ex-post evidence on AI & jobs |  Research gaps |  AI policies & governance

• AI exposure measures provide a risk-and-opportunity profile for the labor market, based on potential 

adoption of AI in the near to medium term. 

What is the magnitude of potential changes to my workforce in terms of:

• Job transitions: potential losses and creation of new jobs

• Productivity gains across occupations and sectors

• Changing working conditions

• Income shifts and distributional effects

• Skills needs and adjustments for workers

• They also help define the policy space — including potential regulatory changes.



Limitations:
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1. Based on existing, unaltered work process and existing organizational structures: 

Technologies are rarely targeted at replacing individual tasks; they often replace entire processes. In such cases, whether 

individual tasks are automatable or not becomes irrelevant.

2. Not linked to any (macro-) economic variables: 

No theoretical connections are made to variables such as wages, profits, adjustment costs, prices, or productivity. The 

implicit assumption is usually a fixed-coefficient (Leontief) production framework.

3. Economic viability and probability of adoption not considered:

Neither economic factors (e.g., comparative advantages) nor contextual factors (e.g., legal, ethical, cultural, sociological) 

are taken into account. The result is a purely “technological feasibility” analysis.

4. Subjective measures:

They rely on experts’ opinions of what might be technologically possible now, in 5 years, or in 15 years. As AI evolves and 

experts revise their views, these measures change accordingly.

5. As a consequence of points 1–4: NO commonly accepted interpretation of meaning

Terms such as “suitability to machine learning,” “risk of automation,” “augmentation,” “replacement,” and “retraining” lack 

consistent, agreed-upon definitions.


	Slide 1: AI, productivity and jobs What can the Global South expect? 
	Slide 2: Overview
	Slide 3: AI narratives
	Slide 4: AI Narratives about jobs: 
	Slide 5
	Slide 6
	Slide 7: AI Narratives about artificial general intelligence (AGI): 
	Slide 8
	Slide 9: What do we know about AI exposure and jobs?
	Slide 10: How to measure the impact of AI on jobs and productivity?
	Slide 11: Previous waves of automation suggest strong impact on jobs in emerging economies: Job losses from robotization
	Slide 12: What are AI exposure measures?
	Slide 13: Overview of (ex-ante) AI exposure measures: Shifting consensus among experts
	Slide 14: GenAI transforming jobs more than destroying them, especially in the Global South
	Slide 15: Speed of transformation will determine polarisation
	Slide 16: Are young people particularly affected? Evidence from the US
	Slide 17: Which workers are most exposed?*
	Slide 18: The AI aggregation paradox
	Slide 19: Individual task execution is experiencing unprecedented acceleration
	Slide 20
	Slide 21: Productivity leaks through critical channels when aggregating
	Slide 22: General purpose technologies follow a predictable path
	Slide 23: Three bottlenecks prevent macroeconomic realization today
	Slide 24: Tool-led gains cannot move the company P&L: The arithmetic caps them long before execution quality becomes the binding constraint
	Slide 25: The measurement gap creates an illusion of impact
	Slide 26: Task automation triggers the efficiency paradox
	Slide 27: Entrenching market concentration and agentic eco-systems create risks for SMEs to adopt tools and create value
	Slide 28: Structural divide threaten to permanently widen cross-country productivity gaps
	Slide 29
	Slide 30
	Slide 31: As organisations mature, their binding constraints flip
	Slide 32: Collective bargaining helps accelerating investment and restructuring 
	Slide 33
	Slide 34: The challenge for the Global South
	Slide 35: Moving up the AI supply chain:  Value added created mostly in the Global North…
	Slide 36: Challenges of moving up the (AI) value chain: Integrating the young labour force
	Slide 37: Creating an AI eco-system…
	Slide 38: …without compromising on AI regulation and governance
	Slide 39: Governance standards dominated by the Global North… …leaving countries in the Global South without a voice
	Slide 40: Leapfrogging through AI
	Slide 41: How can AI help countries in the Global South to leapfrog?
	Slide 42: How AI and digitalisation can help countries to leapfrog
	Slide 43: Empower nature-based projects for local development
	Slide 44: Want to know more?
	Slide 45: Appendix
	Slide 46: Technical details
	Slide 47: How are these exposure measures constructed?
	Slide 48: Strengths and usefulness of AI exposure measures for policy makers:
	Slide 49: Limitations:

